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import cv2

import numpy as np
import os

# Define a function to extract our feature (average color)
def averagecolor(image):
return np.mean(image, axis=(0, 1))

trainy = ['green', 'dry', 'dirt"']

# 2k
trainX2 = []
trainy2 = []

# Let's loop through the training images in the 4 folders in the image
subdirectory
for label in trainY:

print ("Loading training images for the label: "+label)

#Load all images inside the subfolder

for filename in os.listdir(label+"/"):
img = cv2.imread(label+"/"+filename)
img_features = averagecolor(img)
trainX2.append(img_features)
trainY2.append(label)

# LA jpg
new _card = cv2.imread("test dry.jpg")
new_card_features = averagecolor(new_card)
calculated _distances = []
for card in (trainX2):
calculated _distances.append(np.linalg.norm(new_card_features-card))
cd = np.array(calculated_distances)

top3 = cd.argsort()[:3][: :-1]



top = []
print(top3)
i top3:
top.append(i)
print(trainY2[max(top, key = top.count)])
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cv2
PTIL Image
numpy np

k=3

img = cv2.imread("test2.jpg")
canvas = img.copy()
dic = {'green':(0, 255, @), 'dry':(0,255,255), 'dirt':(0,0,255)}

averagecolor(image):
np.mean(image, axis=(0, 1))

draw(type,x1,yl,x2,y2):
cv2.rectangle(canvas, (x1,yl), (x2,y2),dic[type],2)

check(image):
new_card_features = averagecolor(image)
calculated _distances = []
card (trainx2):
calculated_distances.append(np.linalg.norm(new_card_features-
card))



cd = np.array(calculated_distances)

topnp = cd.argsort()[:1][: :-1]
top = []
for 1 in topnp:
top.append(i)
return trainY2[max(top, key = top.count)]

ss = 30
for i in range(ss, (img.shape[@] // ss) * ss+1, ss):
for j in range(ss, (img.shape[l] // ss) * ss+l1l, ss):

cut = img[i - ss : i, j - ss : j]
draw(check(cut), j - ss , i - ss, j, i)

cv2.imshow('image', canvas)

cv2.waitKey(0)

cv2.destroyAllWindows ()
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